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SUMMARY

Artificial intelligence has become a crucial tool in modern dermatology, enhancing diagnostic
accuracy for skin neoplasms, reducing overdiagnosis, and providing standardized assessments. CNN-based
models perform at or above dermatologist level in detecting melanoma and other malignancies (AUC >
0.94). Al platforms such as PhotoFinder and Doctorium help decrease unnecessary biopsies by 20-30%,
significantly enhances diagnostic yield, achieving a validated diagnostic accuracy of 90% or greater. Al is
widely applied in dermoscopy, histopathology, and trichoscopy, enabling automatic structure recognition,
mitotic count analysis, and classification of hair loss disorders. Despite its significant potential, challenges
remain, including data heterogeneity, algorithm transparency, and ethical considerations. The future of
Al in dermatology lies in multimodal models, real-time risk prediction, and the integration of locally
developed Georgian Al systems into clinical practice.
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